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ABSTRACT

This study investigares the levels of awarencss and engapgomont with Artificial Intolligenca (Al) technologios amoany
undenaraduate students in building end woodwork technology programmos in Nigeria, ond exannnes their proparednoss for
profassional practice in the construction industry. Employing a quantitative 1esearch desipn. dala were eolleeted from 167
smdents across univorsitios, polytechnics, and colleges of education using o validoted 20-itorn questionnoiro (Cronbkach's g =
0.78). Descriptive stafistics rovealed modemte lev<ls of Al owarencss (M, # 1.97, SD, ~ 0.77) and engagemont (M, ~ 2.28,
SD, = 0.79), with polytechnic students demonstrating (he highest awaroness and university studenis reportmy, the groatgst
engagement. However, students exhibited limited readinoss (M, « 116, SOy ~ 0.83) v apply Al technologies 1 real-world
construclion scenarios. Regression and correlation analyses (o = 0.05) indicated a statistically significant positivo relationship
botween Al awareness, ongagement, and industry rcadinoss. though the explomed variance ‘ovos modest. Tho findinggs
underscorce critical gaps in current curricuiar intograsion of Al applicntions, zuch as mochine loarning and automated sysica,
within construction-rclated distiplines. Based on these results, (he study reconunends largeled iterventions, ncluding
enhomnced Al-focused courscwork, practical training initiatives. ond fcully develapmeut programnices, to bridgo tho dispaority
bonwcen acadetnic maining and industry requircments.

Keywords: Amificial Intelligence, Construction Educadon, Student Readinoss, Nigeria, Vocstionnl Trmining

INTRODUCTION

The construction industry is underpoing 8 profound transfonmanon driven by advancements in Artificinl Intelligence
(A1) technologices. These innovalions, inciuding machine lecorning, computer viston, and predictiva apalylics, ore enhancmg
clMicicney. precision, and salety across all phases of consuuction projects (Liof ol., 2020: Zhong ctal.. 2019). As the indusiry
cvolves, future professionals, particularly building and woodwock lechnology graduates must nequire cantpeteocics w theso
techuolopies to meet contermporary workforce demands (Ogunboyo of ul.. 2019). Howover, i developiig contoxts such ax
Nigerin, a significant disparity persists between the Al skills taught 1o acadenuc programmes aad thoso cequited by the
constuction scctor (Li et al., 2020). This study exanuncs thus gap by assosaing Nigenan studonts’ awareneoss ol engagoment
with, and readiness 1o apply Al technologics in professional praclice.

Al ip this context refers o parrow Al systoms such as machine leaming algorithns, putemated dexign tooly and
robotics that can parform spocidlized tnsks 10 consuuction, such os project schedulmy, nyk assesswent and quality control
(Russell & Norvig, 2016). Theso technologies difTer Tundamontally (rom theoreticnl coucepls like Artificiul Goneral
Intelligenco (AGT) (Bostrom. 2014) or superitelligens Al, which are icrelevant o vocatonal troimng. Awaroness. dofined as
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RESEARCH QUESTIONS
1. What is the level of awareness of Al technologics among different group of building and woodwork technology
undergraduate students?
2. What is the level of engagement with AT technologics among different group of building and woodwork technology
undergraduate students?
3. What is the level of readiness of building and woodwork technology undergraduate students to engage with Al
technologics for industry practice?

NULL HYPOTHESES
1. There is no statistically significant impact of the level of awarceness of Al technologies on readiness of building/woodwork
technology undcrgraduato students
2. There is no slatistically significant impact of the level of engagement of Al technologies on readiness of
building/woodwork technology undergraduate students
3. There is no statistically significant rclationship between levels of awareness and engagement with Al technologies and
building/woodwork technology undergraduate students’ readiness for practice in industry.

LITERATURE REVIEW

The integration of Artificial Intelligence (AI) into construction cducation has revolutionised key aspects of the
industry, including design optimisation, safety monitoring, and project management (Li et al., 2020; Zhong et al., 2019).
Within academic settings, AT applications cncompass emerging technologics such as Building Information Modelling (BIM)
systems and machine learning algorithms for structural analysis (Zhong ct al., 2019). However, recent studies indicate that
construction students in developing nations like Nigeria frequently demonstrate limited exposure to these technologies due to
significant curricular gaps and institutional resource constraints (Ogunbayo et al., 2019). Awarencss of Al technologies,
opcrationally defined as students' familiarity with both fundamental Al concepts and their practical industry applications,
shows considerable variation across Nigeria's tertiary cducation institutions (Ogunbayo ct al., 2019). While empirical data
suggests that 62% of surveyed students recognisc basic Al terminology, only 23% can adequately describe its specific
applications in construction contexts (Ogunbayo ct al., 2019). This disparity primarily stems from three interrelated factors:
the absence of dedicated Al modules in most curricula, inadcquate access to necessary software and hardware infrastructure,
and limited faculty expertisc in thesc emerging technological domains (Li et al.. 2020; Zhong et al., 2019).

Student cngagement with Al technologies, which encompasses both bchavioural participation and cognitive
investment in learning proccsses, rcmains suboptimal throughout Nigerian higher education institutions (Fredricks et al.,
2004). This situation principally results from a scvere shortage of practical learning opportunities and an overreliance on
theoretical instruction methodologies (Akinwale, 2020). As Fredricks et al. (2004) emphasjse, meaningful engagement
requires not only the active utilisation of Al tools in coursework but also a comprehensive understanding of their underlying
algorithmic principles and a clear recognition of their professional relevance. Current research indicates that Nigerian students
achieve only partial engagement, with university students demonstrating marginally higher participation rates compared to
their polytechnic counterparts, likely attributable to relatively better resource availability in university settings (Ogunbayo ct
al., 2019).

The critjcal concept of professional readiness, defined as students' capacily to effectively apply Al competencies in
real-world construction practice, presents substantial challenges within the Nigerian educational context (Fugate et al., 2004).
Recent graduate surveys reveal that approximately 78% of respondents feel inadequately prepared for Al-dependent roles in
the construction industry, primarily citing insufficient practical training experiences and a pronounced disconnect between
academic content and contemporary industry requirements (Li ct al., 2020; Ogunbayo et al., 2019). This study's theoretical
framework integrates two established models: Fredricks et al.'s (2004) engagement theory, which establishes the relationship
between active participation and skill acquisition, and Fugate et al.'s (2004) employability model, which conceptualises
professiona) readiness as a function of developed competencies. The synthesis of these frameworks suggests that both
awareness and engagement collectively serve as predictors of workforce readiness - a causal relationship that this research
aims to empirically validate through rigorous quantitative analysis.

While existing studies has established the growing importance of Al applications in construction education, several
significant research gaps remain unaddressed (Li et al.. 2020). Few studies have systematically compared Al competency
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development across different types of tertiary institutions, adequatcly accounted for Nigeria's unique inftastructuszal challeoges
such as unreliable power supply ond limited intemet access, or implemented longitudinal methodologies to track skill
progression over limc (Ogunbayo ct al, 2019). This study directly addresses these gaps through its comprchensive
examination of diverse student populations across multiple institution typas, while simultancously proposing contextually
appropriate interventions designed to bridge tho growing divide between acadomic training and iodustry demands in Nigeria's
rapidly cvolving construction scctor (Akinwale, 2020). The findings will make substantive contributions to ongoing
international discussions rcgarding cffective technology integration in vocational cducation, particularly in resource-
constrained environments characteristic of many developing nations (Zhong ct al.., 2019).

METHODOLOGY

This study cmployed a quantitative rescarch design to investigate the relationship between Artificial Intelligence
(AI) awarcncss, cngagement, and profcssional rcadiness omong building and woodwork technology students in crtiary
institutions in Benuce State. The rescarch adopted a cross-scctional survey methodology, targeting the cntire population of 167
final-year undergraduate students enrolled in building and woodwork tcchnology programmes across cight tertiary institutions
in Benuc State, comprising universitics (n = 58), polytechnics (n = 72), and colleges of cducation (n = 37). The comprehensive
population approach was justificd by the rclatively small and accessiblo cohort size, os well as the nced for complete
representation across different institution types (Creswell & Creswell, 2018). Data collection was conducted using the
rescarcher-developed Awarcencss, Engagement with Al Technologics and Readincss for Practice (AEAIT-RFP) questionnaire,
which consisted of 20 itcms across four key scctions: demographic information (3 items), AT awarcness (3 iteins). Al
engagement (6 items), and industry readinaess (6 items). The instrument employed a 4-point Likert scale to minimisc ncutral
responscs and clicit clear attitudinal positions (Démyei, 2007). Rigorous validation procedures were implemented, including
expert review by three construction technology cducation specialists and a pilot study with 30 students, which cstablished
strong internal consistency with Cronbach's alpha coefficients cxcecding 0.70 for all subscales (Tavakol & Dennick. 2011)
Standardised administration protocols were followed, with questionnnires distributed during scheduled class scssions by
researchers and three traincd assistants, yielding an cxceptional 98.8% responsc rate (165 completed questionnaires from 167
distributed). This high participation rate cffectively mitigated concemns about non-responsc bias (Groves ct al., 2009). The
analytical approach incorporated both descriptive and inforcatial statistical techniques, SPSS version 26 softwarc to compute
means and standard deviations for the rescarch questions. Regression analysis asscssed predictive relationships betwceen
variables, with cffect sizes calculated and interpreted according to cstablished conventions (Cohcn. 1988).

RESULTS
Research Question One
What is the level of awarcness of Al technologies among diffcrent group of building/woodwork technology undergraduate
students?
Table 1: Mean responsc and standard deviation scores among different group of building and woodwork technology
undergraduate students on Al technologies awareness (N = 165)

S/N  Awareness Indicators M SDi M: SD; Mis SDs; M SD:
| 1 am awarc of Al technologics 245 097 220 056 230 090 231 0.4

2 I bave a good understanding of Al 160 0.78 237 0.76 2.00 045
lechnologies  relevant to  the 1.99  0.66
construction industry.

3 I learned about Al ftcchnologies 145 097 240 067 142 0.72
through coursework.

4 I am familiar with specific Al 178 089 189 0838 184 0.84
applications in construction (e.g., 1.84  0.87
machine learning, predictve analytics)

.76~ 0.79

178 080 222 077 192 073 1,97 0.77
Key: M; = Mean of University students, SD; = Standard deviation of university students, M» = Mean of Polytechnic siadentx
SD: = Standard deviation of Polvtechnic students, M) = Mean of College of education students, SD; = Standard devigger of
college of education students
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Table | shows a moderate overall awareness of Al Lechnologies among building and woodwork 1echnology students
(M, = 1.97), with polytechnic students demonstrating the highest awareness (M = 2.22) and universily students the lowest
(M, = 1.78). The lowest mean score (1.76) for learning Al through coursework revealed a significant gap in curriculurm
integration across institutions. Moderate variability (SD, = 0.77) indicalcs consistent bul varicd perceptions, with greater
differences in familiarity with specific Al applications (SD, = 0.87). Thesc {indings underscorc the need for enhanced Al
education and practical training to improve students' preparedness for the construclion industry.

Research Question Two

What is the level of engagement with AT technologics among difTerent group of building/woodwork technology undergraduale
students?

Table 2: Mean response and standard deviation scores among different group ol building and woodwork technology
undergraduate students on engagement with AT technologies (N = 165)

S/N Engagement Indices Mi  SDy M2 SDx M SDs 18 SDi
I [ have participated in Al-related 234 073 246 092 2.07 0.93 299 086
courses or workshops. ' '
2 T use Al tools or software frequently 1.89 0.67 232 076 235 0.75
in my coursework, 2.19 0.73
3 I interact with Al tools regularly. 245 058 248 073 2.00 071
231 0.67
4 I am motivated to lcarn more about 2.52 089 2.08 0.87 218 0.78
AT technologics. 226 0.85

5 I am interested in AT technologies. 251 099 206 064 247 088 535 (84
234 0.77 228 0.78 221 0.81 228  0.79

Key: M; = Mean of University students, SD, = Standard dewation of wniversity students, Mz = Mean of Polytechnic students,
SD; = Standard deviation of Polyrechnic students, M3 = Mean of College of education students, SD\ = Srandard deviation of
college of education students

The total average mean score of 2.28 as shown in Table 2 indicates moderate engagement with Al technologies
among building and woodwork technology students, with university students showing the highest cogagement (M = 2.34,
SD;=0.77) and college of education students the lowest (Mj = 2.21, SD, = 0.81). The lowest mean score (2.19) for frequent
use of Al tools in coursework suggests limited practical interaction with Al, particularly among university students (M =
1.89). The average standard deviation of 0.79 reflects moderate variability in cngagement levels, with the highest variability
(SD = 0.86) in parlicipation in Al-related courses or workshops, indicating diverse expericnces across groups. These findings
highlight the nced for increascd opportunitics for hands-on Al cngagement to cnhance students' preparedness for Lhe
construction industry.

Research Question Threc
What is the readiness level of building and woodwork technology undergraduate students to engage with Al technologics for
industry practice?
Table 3: Mean response and standard deviation scores among different group of building and woedwork technology
undergraduate students readiness to engage with Al technologies (N = 165)

S/N  Readiness Indicators My SDv M2 SD: Ms SD: M SD

1 | feel prepared to use Al technologies in  2.03 091 245 0.76 2.00 0.88

2.16  0.85
my future career.
2 I am confident in applying Al 232 077 245 090 225 0.76
technologies in real-world constructjon 234 08

scenarios.
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3 I have complciod irrornships or practical 245 065 208 077 2.04 0.72

exporiences whor Al was usad. 2.19 0.7
4 My piactical experionces bave prepared 201 078 203 067 209 0.76
me well for usiag Al in the indusity. 204 0.74

3 The aducation 1 ain receiving adequately 200 099 204 082 246 0.84
prapares me for using Al technologics in 2,17 0.88
CONSIUCTION.

) I need more piaciical Gainma on Al 256 083 223 085 287 0.93
agplications ro be ready for the industry

7 1 fecl 1 need some improxement mmy 242 085 203 093 298 0387
education %o bolicr prepare me for using 248 0.88
Al un tho constrmchion indusrry

2.55  0.87

226 083 204 6.81 238 082 5316 0.85

Key: &y = Moan of Unwersizy sanfents, SD, & Siandard devianion of untverstty students, My = Maan of Polytechnic
shfooss, SI2; = Siandord drviasian of Polytechmle studants. s = Mean of College of education snidents, SD; — Siandard
dunviwtien eof Colfvge of educalion stardenss

The tolal average moan score of 2.23 indicates low to modcerarc readiness among building and woodwork technology
sludents (o cngage with Al technologies, with collepo of aducation students reporting the highest readiness (M3 = 2.38. SDs
- 0.82) and polytcchnic studones the lowest (M) — 2.04, SD); ~ 0 81). High moan scores for nceding morc practioal training
(N~ 2.55) and cducational improvement (M — 2.48) sugges! a perceived deficiency in current training, particularly amoog
college of education students (M1~ 2,87, 2.98) The averape standard deviation of 0.82 reflects moderate variability, with the
ereatest variabiliy in educational adequacy (SD = 0.88) and improvement nceds (SD = 0.88), indicaung diversc perceptions
across groups. These findings highlight the urgent nced for enhanced practical Al waining and curricular reforms to improve
mdustry preparodness.

Hypotheses One

There is no statistically significant impact of the level of awarcness of Al teclinologies on readiness of building/woodwork
tochnology wnderaraduate students.

Tuble 4: Simple Lincar Regrossion Analysls Results for Al Anarcness Impact on Readiness

Paramoter Value SE t-value p-value R? Adjusted R?
1ntercept (P 34113 - - -
Slope (Br. Awarcness)  -0.0004 0.4780  -1.256 > .05 0134 2268

A simple linoar regaressioa analysis as shown in Table 4 revealed no statstically significant impact of Al technologics
awarcpess on roadinoss among building and woodwork technology undergraduate studens (N = 165, aggregated into 3
aroups), with (b=-0.6004. (1) —-1.256. p>.05). Awaroncss accouated for 61.34% of the variance in roadioess (R”2 = .6134).
though the negative slopc was uncxpecled The pull hypothesis was not rejected, indicating that awarencss docs not
sigaificantly prodict readincss

Hypothosis Two

There is no statistically significant impact of the level of engagement of Al rochnologies on readiness of butlding/woodwork
tecbnology undergraduale Studonts

Table 5: Simple Lincay Rogresdon Analysis Results for Al Engapetaent Impact on Readiness

Parnmotor Value SE {-value p-value R* Adjusted R*
intercopt (Be) 45837 - : -
Slope (fis,

- - ., -
Erasami 10357 24519 -0.4224 > 05 1522 6956

A simple lwoas rogiession analysis 1 Tablo 5 showed po statistically sigoificant 1mpact of Al techmelegnes
cngagement on teadiness amoung building and woodwosk technology undergraduate stwdents (N = 165, aggregated into 2
groups), with (b ~-1.0337. 4 1) = -0.4224, p > .05) (Nule ct &}, 2025). Engagement accounted for only 15.22% of the vanadeg
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in rcadiness (R*2 = .1522), and the negative slope was unexpccted. The null hypothesis, stating no significant impact of
engagement on readiness, was not rejected.

Hypothesis Three

There is no statistically significant relationship between levels of awarcncss and engagement with Al technologics and
building/woodwork technology undergraduate students’ readiness for practice in industry.

Table 6: Pearson correlation between Al technologies awareness and engagement among building/woodwork
technology undergraduate students (N = 165)

Awareness Engagement

Awareness Pcarson ] 325"

Correlation

Sig. (2-tailed) .000

N 165 165
Engagement Pearson 325” !

Correlation

Sig. (2-1ailed) .000

N 165 165

Table 6 illustrates the Pearson correlation coefficient analysis conducted to asscss the connection between levels of
awareness and engagement with Al technologies, and the readiness of undergraduate students in building/woodwork
technology for industry practice (r = .325, n = 164, p =.000). The results indicate a positive correlation between awarcness
and engagement, suggesting that students with a deeper understanding of AT technologics are morc inclined towards fecling
cquipped to utilize them in their prospective professional endeavours.

DISCUSSION OF FINDINGS

The findings of this study present’s a significant understanding nto the current state of Al awareness, engagement,
and professional readiness among building and woodwork technology students in Nigerian tertiary institutions. The results
demonstrate moderate levels of Al awarencss across all institution types. with polytechnic students exhibiting marginally
higher awareness than their university and college of education countcrparts as shown in Tablc 1. This finding aligns with
previous rescarch by Ogunbayo et al. (2019), who similarly noted variations in technological awarcness between different
types of Nigerian institutions. The relatively low mean scores for awareness items, particularly regarding spccific Al
applications in construction, suggest substantial gaps in curricular coverage of ecmerging tcchnologies, supporting Li ct al.'s
(2020) assertions about the need for enhanced Al content in technical education programmes.

Engagement levels followed a similar pattern of modest atlainment as prescated in Table 2, with university students
reporting slightly higher engagement than those in other institutions. This finding corresponds with Fredricks ct al.’s (2004)
conceptualisation of engagement as a multidimensional construct, where behavioural participation ofien depends on
insttutional resources and opportunities. The dala indicate that while students show interest in AL lechnologics, their actual
usage of Al tools in coursework remains limited reinforcing the need for more practical, hands-on learning cxpericnces as
advocated by Zhong et al. (2019).

The study’'s most concerning finding relates to professional readiness as shown in Table 3, where students across al
institutions expressed limited confidence in their ability to apply Al technologies in workplace settings. This resukt
substantiates Fugate et al.'s (2004) employability model, which positions practical compeltency as fundarnontt to workforce
preparedness. The high scores for items regarding the need tor additional training and curricular mprovements stroogly
suggest that current educational approaches are failing to adequately prepare students for industry domaads, further ochoirg
similar concemns raised by Akinwale (2020) in the Niguerian context.

The regression analysis yielded unexpected resulls as shown in Tuble 4 and 5, with awaronoess and engagament
showing negative. though non-significant, relationships with readiness. This counterintuitive findiog may reflect the complex
interplay between theoretical knowledge and practical application in technical edocation. As Qlawile and Adedeji (2019)
observed, Nigerian polytechnic students ofien develop strong theorotical understanding bur kick opportanitivs 40 granslate this
knowledge into practical skills a phenomenon that may oxtend to Al teohnologios duross institution typuas. This study's findiogx
must be interpreted within the context of Nigeria’s unlque cducutional chullougex, including lmited tochnologieal
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iaatctivie 4nd vaiable faeulty expéitise (Ogunbayo ¢t al.. 2019). While the results demonstrate clear gaps in Al education,
e frdings 3l50 rovide apporuiiities for farpeled tnierventions. The positive correlation between engagement and teadincss
a& thown (8 Tuble 6 supgesis that incieosed honds-on experience with Al lools could enhance professional preparedness.
Bty Zhens et al.'s (201Y) tecomiinendations lor industiy-academic partnerships. These findings contribute to ongoing
dixetnivts alout fechnolony (Hlensation it vocational educstion, particularly in resource-consirained environments, They
reialisiee the need fur euiculuin 2fons thit Balanee theoretical instruction with practical application, while acknowledging
the (ihantiuctval and tafoiig challenpes fcing Nigerian institutions. Future research should explore longitudinal
deeelupments in AL cempeiency and examine the efTectiveness of intervention strategies in bridging the gap between
education aiid hdust tequiiemenls,

CONCLUSION
Iy esuelugion, this study ghows (hat while awareness and engagement with Al technologies arc moderate among
Buiild g and woodw etk techinolony undciaraduales, students generally feel unprepared to use Al Llechnologies for professional
practive (i e cobktiuction idustiy dner giaduation. This finding reinforces the need for academic institutions to enhance
Al=zlated content i theif cuificula and provide more opportunities for hands-on engagement with AT technologics.
Furtheriie, (he posiiive relationship between awareness, engogement, and readiness suggests that improving students
e4pusuie to Al techbolupies could enhance theit indusEy preparediness.

RECOMMENDATIONS
Bused en the Hndiogs of the study, die following recommendations were made:

I Aendeiftie ((5tiliions ofTering buflding and woodwork technology programmes should integrate Al-relatcd content
maere eotprehensively Into thefr curticuls This integration can include courses on Al applications in conslruction, such
as muchine Jearning, prediciive ahalytles, and automotion systems. By doing so, students will develop a decper
undeérstanding of (he role v’ AT in e consuuction industry, making them more prepared for industry demands after
sraduation

Tediary ingtittions should provide more practicel nawing opportunitics, such as workshops. internships, and projects
mvolving Al ols. This will not only improve students’ engagement with AT technologics but also give them the
ofipuslunity (o opply theorctical knowledge in real-world construction scenarios. Collaborating with industry players to

NS

oltér Al-selated ioternghips and Geldwork can enbance studen” readiness for professional pracuce after the completion
of thetf training.

3 Tertory istitutions sbould invest in the prolessional development of facullty members through training and workshops
focused oo Al applications w construction. By cquipping educators with up-lo-date knowlcdge and skills in Al
technologies aud {15 apglicalions, ey coo effectively teach and guide studeats, thereby inercasiog both awareness and
evgpgenenr levels Thls approach con Bildge Oie gap betweea academic preparation and jodusary requircmcnts.

REFERENCES

Aoyl. O. M., & Adeniyi, O (2018). Enbancing (he¢ reaching of woodwork technology in Nigeriaa colleges of
educanon. Serussonid! Jownal of Focdationa! end Techntcal Ediecation, 10(3), 23-32.

Akinwole. A A, (2020). Chiollenges and prodpects of {echnical education in Nigena: A case sludy of butlding techmology
studentz. Sebend! of Techitha! Educativg hd Tratasg, 12(1), 45-56.

Akigwgle. O. (2020). The applivetivn of technology in Nigerian conslruction management, /nternanonal Jovimai o
CoHstwettin Sclevie and Techioloagy, 1442), 101-115,

Akinwale, O (20200, The application of technology in Nigerian construction mansgement. Mternarnonal Jowenad <
Cotxtriretion Sefe iy uhd Technotogy, 142). 101-115.

Barovss. 8., Herdl. L, & Naroysnon. A (2019). fFabméss ond rechitne karing: Livdtetons and epportanifics

23028 Vogokhing Mulidheiplinary Feurnél of Xcience and Technolopy Edecation (VMJISTE)




Vunoklang Multidisciplinary Journal of Science and Technology Education,
Volume 13 Issue 2, 2025

Bostrom, N. (2014). Superintelligence: Paths, dangers. strategies. Oxford University Press.

Brynjolfsson, E., & McAfee, A. (2014). The second machine age: Work, progress, and prosperity in a time of brilliant
technologies. W. W, Norton & Company.

Cohen, J. (1988). Statistical power analysis for the behavioral sciences (2nd ed.). Routledge.

Creswell, I. W., & Creswell, J. D. (2018). Research design: Qualitative, quantitative, and mixed methods approaches (5th
ed.). SAGE.

Démyei, Z. (2007). Research methods in applied linguistics. Oxford University Press.

Doshi-Velez, F., & Kim, B. (2017). Towards a rigorous science of interpretable machine learning. arXiv preprint
arXiv:1702.08608.

Esteva, A., Kuprel, B., Novoa, R. A., Ko, J., Swetter, S. M., Blau, H. M., & Thrun, S. (2017). Dermatologist-level
classification of  skin cancer  with  deep  neural networks. Nature, 542(7639), 115-
118. https://doi.org/10.1038/naturc2 1056.

Fredricks, J. A., Blumenteld, P. C., & Paris, A. H. (2004). School engagement: Potential of the concept, state of the
evidence. Review of Educational Research, 74(1), 59109. https=//doi.org/10.3102/00346543074001059.

Fugate, M., Kinicki, A. 1, & Ashforth, B. E. (2004). Employability: A psycho-social construct, its dimensions, and
applications. Jowrnal of Vocational Behaviour, 65(1), 14-38. https://doi.org/10.1016/j.jvb.2003.10.005.

Goertzel, B. (2014). Artificial general intelligence: Concept, state of the art, and future prospects. Journal of Artificial General
Intelligence, 5(1), 1-48. https://doi.org/10.2478/jagi-2014-0001

Goodfellow, I., Bengio, Y., & Courville, A. (2016). Deep learning. MIT Press.

Groves, R. M., Fowler, F. J., Couper, M. P., Lepkowski, J. M., Singer, E., & Tourangeau, R. (2009). Survey methodology (2nd
ed.). Wiley.

Haynes, S. N., Richard, D. C. S., & Kubaay, E. S. (1995). Content validity in psychological assessment: A functional approach
to concepts and incthods. Psychological Assessnient, 7(3), 238-247. https://doi.org/10.1037/1040-3590.7.3.238

Heaton, J. B., Polson, N. G., & Witte, J. H. (2017). Deep learning in finance. arXiv preprint arXiv:1602.06561.
Jurafsky, D., & Martin, J. H. (2019). Speech and language processing (3rd ed.). Pearson.

Lee, J., Davari, H., Singh, J.. & Pandhare, V. (2018). Industial Al: Applications with sustainable performance. Springer
Nalure.

Li, H., Deng, X., & Zhang, X. (2020). The role of Al in the comstruction industry: From past to present. Jownal of
Construction Engineering and Management. 146(6), 04020005. https://doi.org/10.1061/(ASCE)CO.1943-
7862.0001844.

Li, H., Lu, M., & Hammad, A. (2020). The integration of Al technologies in construction curricula. Jowrnal of Construction
Engineering and Management, 146(3), 04020001, https://doi.org/10.1061/(ASCE)CO.1943-7862.000.

Litman, T. (2019). 4utonontous vehicle implementation predictions. Vicloria Transport Policy Institute.

Ogunbayo, B. A., Olawale, O., & Adedeji, A. (2019). Al awaresess and application in Nigenaa construction
cducation. International Joinnal of Constructiorn Education and Reseqrck, 15(4), 291-305.

Olawale, O., & Adedeji, K. (2019). Bridging the gap berwecn theory and pracrice in consoruction lechnology education 1n
Nigerian polytechnics. Jowrnal of Construcnon Educarion, 14(2). 45-60.

Russell, S. (2019). Human compatible: Artificial intelligence and the problem of control. Viking.

PR Lo ey y NI oo o AT VPR

19



i

e T
i

\ o Sty Yoward of Sdonce kol Tabmogy Divo@on. | 2)
Volumo 3 Issue 2, 2625

Rl S, R N, (20D wivflevilt duadlignnee A ondeon ipyreriid: (70 o4 ). Porison.
Sl 1B & Khadb, O flbs ) (200®Y Syorsspare ot of robuftins Sprnper.
Saalislos,, R (XDIUY Conrgume wcsiem  5irdtns 1mb apphlesitivis. Sangtr Scrmde & Bosmess Medin.

Tamws 2, b, & Devopdie R qEBINL Witk sunsie of Qreenfdueiys, tiplsn. Vet Jomnid of Mediedl Ednemtion. 2(2)
SLET Dt/ Uan ey 10 SHIG o Sl S1002

Do R Y P, ¥, Xuwe, F. Tugg, 5. & L0, Y 2019y Snam comswadion: Al apltottions th e oonylcuodiga
U Bunuiltiom bn Quinspur oim, 4D, EN2SIL. Maps SUo ey, 19.170165.4re0on. 2019.102%8 38

Theom IR Ln ML & Lug M (2019 Learuping Al (or consitodinan kg simieoving. Jtamditon in Consntion, 95013,
puA- 20

oo, R LI & L N (2009). Lesvensygaige K Yor wumimachion sstaty wieieoriog. Aeremaron 4 Constustion. 9313,
DUEDLY Dby anme VD VAL Supuieon 2018 )11 K26

DB, & (2019 The uner ol surwdllomen sagiirdhsm T Y Yor o dumer ke ue e ves fontier of poteer Pablic
Al

01825 Vywoklong Maolldiscipiuan Jouynal of Seleace snd Techaotogy Edecation (VMISTE)




